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ABSTRACT

This research is based on the process of collecting, analyzing and
integrating the disaster information from social web sites. The topic

combines statistics and text mining technology.

The first step is to analyze popular words from articles, and find "Power
Terms" in a certain domain. According to the type of those keywords, we
will categorize them by using machine learning. The research results will

also be integrated into the platform for analysis during the period.

Keyword filtering, location related words extraction, article topic
analysis, and power terms analysis are currently provided functions by
the platform. We use Typhoon Nesat and Haitang as examples to illustrate
the extraction of location related words, the extraction of disaster

descriptions, and the changes of social volume.

Keywords: Social network, Statistics, Text mining, Machine learning
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